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Abstract 
 

 

The title of the project is ³PhUaVe EmoWion DeWecWoU´.  

 

As the name indicates the main motive of the project was to predict the tone of the block of 

te[t/essa\/book chapter. This is an e[trapolation of the popularl\ used ³Sentiment Anal\sis Tool´ 

to determine the tone of the author in his literary works/social media/ essay writing competitions etc.  

The complete project has been discussed in the upcoming sections. 

 

Thisaaalgorithmausesalinguisticaanalysisatozdetectzemotionalzandzlanguageztoneszinzwrittenztext.

Thezservicezzcanzanalyzeztonezatzbothzthezdocumentzzandzsentencezlevels.zzYouzcanzusezthe 

serviceztozunderstandzhowzzyourzwrittenzcommunicationszarezperceivedzandzthenzto 

improveztheztonezofzzyourzcommunicationsz.zBusinesseszcanzusezthezserviceztozlearnztheztone 

ofztheirzcustomers'zcommunicationszandztozrespondzappropriatelyztozeachzcustomer,zorztozz 

understandzzandzzimproveztheirzcustomerzconversationszinzgeneral.
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Chapter ± 1 

INTRODUCTION 
 

1.1  Introduction 
 

Essentially,aasentimentzanalysiszorzsentimentzclassificationafallaawithinatheabroadacategoryzz 

of  textzzclassificationzztaskszwherexyouxarexgivenxaxphrasexorxaxlistxofxphrases,xandxyourxx 

classifierxwillxtellxyouxwhetherxthexfeelingxbehindxitxisxpositivexx,xnegativexorxneutral. 

Sometimeszthezthirdzattributexisxnotxusedxtoxholdxthexquestionxof binary classification. 

As  emotional  analysis  has   developed   over the last few decades,  so have  

its implementations.xSentimental research is now being used from the precise promotion of  

goods to the detection of anti-social behaviour. Millions of messages appear every day on 

 popular websites offering microblogging services. 

Writersxofxxthesexmessagesxwritexaboutxtheirxlives,xxexpressxopinionsxonxaxnumberxxof 

subjectsz,xxandxaddressxcurrentxissues. 

Forxexample,xwexmayxbexinterestedxinxanxindividual'sxquestionsxx: 

Whatxdoxpeoplexthinkxaboutxthisxpersonsxstatusxpost(comments)x? 

zzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzz 

Howxxpositivex(orxnegative)xarexpeoplexaboutxitxx? 

zzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzzz 

Sincexemotionxdetectionxisxthexnewerxareaxofxtextualxanalysisx,xitxhasxaxweakerxstandardzz 

methods.zzEmotionxxcanxbexexpressedxasxhappinessx,xsadnessx,xangerz,xdisgustx,xfearx, 

surprisexxandxsoxforth.                         
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1.2  Problem Statement 
As mentioned earlier, huge amount of data is available over the web whatsapp , twitter, 

blogs and many more. Analyzing this could be beneficial in predicting the next response 

on given extracted data. 

This could be beneficial over the following areas: 
 

x Business: Marketing firms use it to build their tactics, to consider how customers 

feel about goods or brands, how people react to their promotions or product 

releases, and why consumers do not purchase products. 

x Politics: It is used in the political field to keep track of political opinions, to identify 

continuity and inconsistency between claims and behavior at the level of 

government. 

x Public Actions: Sentiment analysis is also used to monitor and analyze social 

phenomena, to detect potentially dangerous situations and to determine the general 

mood of the blogosphere. 

 
1.2 Objective 

 
The main aim of the project is to develop a system   which is  able to detect  or tell about the 

tone or the emotion of the essay or the phrase. The project is designed to fulfill following 

feature as listed below: 

x To detect the tone of the essay. 

x To extract the features needed by the code or the algorithm from the essay. 

x To classify the feature as needed to detect the tone or the emotion of the passage. 

 
1.3 Scope of the Project 

  
We will design a system a system which will compromise of two modules. The first one will 

help us to clean the data using various techniques such as tokenization ,stemming , removing 

stop words in order even the data. The second model comprises of the algorithm written 

using machine learning that will help in detecting the emotion of the phrase or essay written 

as input to the program.  
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CHAPTER 2 

LITERATURE REVIEW 

 

2.1 Limitations to Prior 

Right off the bat, information xisx xpreprocessedx,xinxitxatxfirstxallxcontentxarexchangedx 

overxintoxlowercasexwordsxforxstraightforwardnessxofxhighlightxextractionx.xAtxxthatx 

pointxthexwordsxfinishingxwithxapostrophizesxarexchangedxoverxbackxtoxxuniquex 

structurezxlikexdon'tx-x>xdon't,xanyxnonxASCIIxcharacterxisxevacuated.xThisxisxtrailed 

byxexpulsionxofxstopxwordsx(eg.xan,xa,xthe)xasxtheyxdon't pass on any component so 

expulsion of stop words is liked. Second arrangement includes apportioning information into 

preparing and test information. Forxpreparingxinformationxsubsequentxtoxxperforming 

stemmingzx(removingxadditionsxlikexingxeg.x:xfiguringx >computex)xincludexchoicexis 

tozxbexactedxinxwhichxdifferentxmeasurablextechniquesxarexappliedxtoxcheckxwhetherx 

suppositionxofxsurveyxcanxbexextricatedxfromxthexincludexofxxwordsxinxeachxexample 

 

2.2 Related Work 

Sentimentxanalysisxmodelsxfocusxonxpolarityx(xpositive,xnegative,xneutral)xbutxalsoxonx 

feelingszxandxemotionsx(angryx,xhappy ,xsad,xetc.)xandxevenxonxintentionsxx(e.g. not 

interested). 

Herexarexsomexofxthexmostxcommonxkindsxofxsentimentxanalysisx: 

x xFine-grainedxSentimentxAnalysis 

Ifxpolarityxaccuracyxisximportantxtoxyourxbusinessx, xyouxcanxconsiderxexpandingx 

yourzxpolarityxcategoriesxtoxincludex: 

i) Very positive 

ii) Positive 

iii) Neutral 

iv) Negative 

v) Very negative 
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x Emotion detection 

Thisxsortxofxsentimentxanalysisxtargets identifying feelings, similar to satisfaction, 

happiness, frustration, anger, sadness, and so on.  Numerous feeling 

identificationxframeworksxusexdictionariesx(forxexamplexarrangementsxof 

wordsxandxthexfeelingsxxtheyxpassxon)xorxcomplexxAIxcalculations.xOnexofxthexdrawb

acksxofxutilizingx dictionariesxisxthatxindividualsxexpressxfeelingsxinxvariousxmanners. 

Azxfewxwordsxthatxregularlyxexpressxindignation,xsimilarxtoxawfulxorxmurderx (for 

examplexyourxitemxisxsoxterriblexorxyourxclientxcarexisxmurderingxme)xmayxlikewise 

communicatexblissx (forxexamplexthisxisxbossxorxyouxarexmurderingxit). 

x Aspect-based Sentiment Analysis 

Usuallyz,xwhenxanalyzingxthexfeelingsxofxthextextsx,xlet'sxsayxthexproduct 

reviews,xyou'llxwantxtoxknowxwhichxparticularxaspectsxorxfeaturesxpeoplexmentionxin 

axpositivex, xneutralxorxnegativexwayx. xThisxisxwherexaspect-basedxsentimentxanalysis 

canxhelp, xforxexamplexinxthisxtextx:" xThexbatteryxlifexofxthisxcameraxisxtooxshortx, 

"anxaspect-basedxclassifierxwouldxbexablextoxdeterminexthatxthexsentencexexpressesxa 

negativezxopinionxonxthexbatteryxlifexfeature. xxxxxxxxxxxx 

x Multilingual sentiment analysis 

Multilingualzxsentimentxanalysisxcanxbextroublesome. xItxincludesxaxgreatxdealx    

ofzxpreprocessingxandxassets. xThexmajorityxofxthesexassetsxarexaccessiblexonxthexweb  

(forxexamplexsentimentxvocabulariesx) z, xwhilexothersxshouldxbexmadex (xforxexample 

interpretedzxcorporaxorxnoisexdetectionxalgorithmsx). xxxxxxxxxxxxxxxxx
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                                                      Fig 1: Work flow of Algorithm 
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CHAPTER 3 

SYSTEM DEVELOPMENT 
 

 
3.1 Introduction 
 
The tool developed as a part of this training programme enables a user to upload a text file 

and predicts the tone of the uploaded text with about 85% accuracy. The model trains at 

50,000 random sentences out of the .. sentences in the dataset obtained from Kaggle. The 

algorithm used to predict the emotion of the sentences in the input file is Logical Regression. 

After successfully determining the emotion of each sentence, the tool returns the most 

frequently occurring emotion in all the sentences. It also computes a pie chart depicting the 

relative distribution of other emotions in the input file. 

 

3.2 System Development 
 

 
               Fig 2: Model Implementation 
 
 
 
 
 
 
 
 

Collection of DataSet

Input Essay

Extract sentences and convert them into 
words

Remove stop words, stem the words

Model Training,Testing and making 
predictions.
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3.3 Software Used 
 

This system is build with the help of number of tools which provide us platform 

to run our  algorithms or store data or the functions for the front end services 

some of the main tools are as follows: 

x NLTK(Natural Language Toolkit) 
 

Naturalx Languagex Processingx isx thex manipulation x or x comprehension x of  

text orxspeechxbyxanyxsoftwarexor machinex. xThe xanalogyxisxthatxhumans 

interact,understandxxeachxother'sxviews,xandxrespondxtoxeachxotherxwithxan 

appropriatexresponse.xInxthexNLP,xthisxinteraction,xunderstanding,xisdonexbyxa

computerxinsteadxofxaxhuman.  

NLTKxstandsxforxNaturalLanguagexToolkitx.xThisxtoolkitxisxonexofxthexmostx 

powerfulxNLPxlibrariesxthatxcontainsxpackagesxtoxmakexmachinesxunderstandx 

humanxlanguagexandxrespondxtoxitxwithxanxappropriatexresponse.xTokenization, 

Stemmingx, Lemmatizationz, xPunctuation, xCharacterxcount, xwordxcountxetc. 

 

                                                         Various NLP Libraries 

 

 

NLP Library Description 

NLTK It'sxonexofxthe mostxusablexand motherxof allxNLPxlibrariesx. Xxx xx xx xx   x 

spaCy Thisxis axcompletelyxdesignedxandxhighly effectivexlibrary commonlyxused in deepxlearning. 

Stanford 

CoreNLP Python 

This is a good NLTK library for client-server-based architecture. ThisxisxwrittenxinxJAVA, xbutxit 

xprovides thexmodularityxto use inxPython. 

TextBlob ThisxisxanxNLPxlibrary xthatxworksxin Pyhton2xandxPython3. xThisxisxusedxforxtheprocessing 

ofxtext dataxandxprovides, xin particularx, xallxtype ofxoperationxin thexform of anxAPI. X x 

Gensim GenismxisxaxrobustxopenxsourcexsupportxforxthexPython NLP libraryx. X Thisxlibraryxisxvery 

powerfulxandxscalable. 

Pattern It's a lightweight xNLP board. xThisxisxgenerallyxused inxweb-mining, xcrawling, xorxspidering tasks 

ofx this kind. 

Polyglot Polyglot is the best suited NLP library for massive multilingual applications. Functionx x x 

extractionxinxthexxdirectionxofxIdentityxandxObject. 

PyNLPl PyNLPIxwas previouslyxknown asx'Pineapple'xandxsupportsPython. xIt offers axparser forxa varietyxof 

data formats, xsuch asxFoLiA /xGizax/ Mosesx/ ARPAx/ Timblx/xCQL. xx 

Vocabulary Thisxlibraryxisxideally suited toxget informationxon the semanticxtype fromxthextextxin xquestion. 
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x Microsoft Excel 
 
The standard feature of MS Excel is that it contains diverse logical limits that can help 

us in calculations and there are piece of instruments that can be used to plot diagrams 

in different structures that urges us to separate data and various instruments , for 

instance turn tables ,programming language named Visual stray pieces for various 

applications.Spreadsheets will provide you with the characteristics arranged in rows 

and columns that can be changed deductively using both basic and complex number 

shuffling exercises. 

 

3.4 Preprocessing Data 
 

Cleaning of the data that we are going to use is very important to highlight the 

important points that are necessary for our machine learning framework to pick . This 

include various steps: 

 

 

1. EliminatexPunctuationx: 

Onexwayxto do thisxis byxloopingxthrough the listxcomprehension x xseriesxand 

keepingxeverythingxthatxisn'tx  inxaxstringx. x Punctuationx, xa listxof allxthe 

punctuationxthatxwe importedxatxthe beginningxwithxthe importxstring. xxxx

 
    Fig 3.1: Eliminate Punctuation 
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2. Tokenization: 

Thisxbreaksxthexstringsxintoxaxlistxof wordsx orx piecesxbasedxonxaxspecified 

patternxusingxRegularxExpressionsxakax RegEx. xThexpatternxIxhavexchosenxto 

usexthisxtime (r'\w') xalsox eliminatesxpunctuation and xisxa betterxchoice forxthis 

dataxinxparticular. xWex.canxalso xadd.lower()xto thexlambdaxfunctionxtoxmakex 

everythingxsmaller. X xx x x x x x  

 
                                                   Fig3.2: Tokenization 

3. StopxWords: x 

 We importedxa listxof thexmost frequentlyxused wordsxfrom the NLxToolkit atxthex 

beginningxwith fromxnltk.corpusximportxstopwords. xYou canxxx runx 

xstopwords.word(insertxlanguage) xtoxgetxa fullxlist for everyxlanguage. xThere 

arex179 Englishxwords, xincludingx µi¶, µme¶, µm\¶, µm\self¶, µZe¶, µ\ou¶, µhe¶, µhis¶, 

forxexample. xWe usuallyxwant toxremove thesexbecausexthey havexlow 

predictivexpower. 

 
Fig3.3: Remove Stop Words  
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4. Stemming: x x x x  

 
Stemmingxis axlittle morexviolent. xItxbreaks down prefixesxand/xorxendsxof 

wordsxbased onxspecific ones. xItxcanxbexhelpfulxsometimes, xbutxnotxalwaysx 

becausexoftenxthe newxword isxso rootedxthat itxlosesxits actualxmeaning.

 
Fig3.4: Stemming  
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CHAPTER 4 

CODE IMPLEMENTATION 

 
This module contains different code for various functioning of the project and also the 

outputs figures captured in running environment. 

 

4.1 Dataset 
The dataset consists of 4,16,809 sentences with labelled emotion. 

The data was collected from Kaggle. The snapshot of the dataset is: 

 

 

 
 

Fig4.1: Input Data Set 

 

The dataset is obtained from Kaggle.Our Module learns on this dataset.The tool learns 

on 50,000 

Randomly picked sentences out of whole dataset.This data is then transformed into 

matrix and our model is then trained on this data. This algorithm uses logical regression. 
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    Fig4.2: Random Training Data Set 

 

4.2 Code 

 

 
     Fig5.1: Code 
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          Fig5.2: Code 
 

 

 
 
     Fig5.3: Code 
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     Fig5.4: Code 
 

 
 
     Fig5.5: Code 
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4.3 Output 
 

 
 
     Fig6.1: Output when program is run 

4.4 Input Text File 

 

 
Fig6.2: Input text file 
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4.5 Final Output 
 

 

 
Fig6.3: Figure Shows tone of essay 

 

 
                                      Fig6.3: Depicting Various emotions via pie chart 
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Fig6.4: Combined Images 
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CHAPTER 5 

CONCLUSION 

 

 
Sentimentxanalysis isxthe interpretationxandxclassification ofxemotions                             

(positivez,xnegativex andxneutral) z inxtextxdataxusing text analysisxtechniques. 

Sentimentzxanalysis allowsxbusinesses toxidentifyxcustomerxfeelings aboutxproducts , 

brandsz orxservices in onlinexconversations andxfeedback. 

To conclude, we have discussed the whole process of development of this system and we can 

rely on this system. 

 

Future Scope 
Thexprojectxcan bexmergedxwith thexoperatingxsystem xkernelxin orderxto providexa 

betterxinterfacexfor usersxand thexpages containingxdataxminingxtools canxbexbetter 

appliedxto controlxthe variationxof keywordsx/xhashxtags overxtimexand canxbexused in 

manyxareasxmainlyx x: 

x PoliticalxCampaignxstrategyxmanagementx 

x Productxlaunchx 

x Trendxanalysisx 

x Mostxpopularxsentimentsx 
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