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Abstract

The title of the project is “Phrase Emotion Detector”.

As the name indicates the main motive of the project was to predict the tone of the block of
text/essay/book chapter. This is an extrapolation of the popularly used “Sentiment Analysis Tool”
to determine the tone of the author in his literary works/social media/ essay writing competitions etc.

The complete project has been discussed in the upcoming sections.

This algorithm uses linguistic analysis to detect emotional and language tones in written text.
The service can analyze tone at both the document and sentence levels. You can use the
service to understand how your written communications are perceived and then to

improve the tone of your communications . Businesses can use the service to learn the tone
of their customers' communications and to respond appropriately to each customer, or to

understand and improve their customer conversations in general.



Chapter — 1
INTRODUCTION

1.1 Introduction

Essentially, sentiment analysis or sentiment classification fall within the broad category
of text classification tasks where you are given a phrase or a list of phrases, and your
classifier will tell you whether the feeling behind it is positive , negative or neutral.
Sometimes the third attribute is not used to hold the question of binary classification.
As emotional analysis has developed over the last few decades, so have

its implementations. Sentimental research is now being used from the precise promotion of
goods to the detection of anti-social behaviour. Millions of messages appear every day on
popular websites offering microblogging services.

Writers of these messages write about their lives, express opinions on a number of
subjects , and address current issues.

For example, we may be interested in an individual's questions

What do people think about this persons status post(comments) ?
How positive (or negative) are people about it ?
Since emotion detection is the newer area of textual analysis , it has a weaker standard

methods. Emotion can be expressed as happiness , sadness , anger , disgust , fear ,

surprise and so forth.



1.2 Problem Statement
As mentioned earlier, huge amount of data is available over the web whatsapp , twitter,
blogs and many more. Analyzing this could be beneficial in predicting the next response
on given extracted data.

This could be beneficial over the following areas:

e Business: Marketing firms use it to build their tactics, to consider how customers
feel about goods or brands, how people react to their promotions or product
releases, and why consumers do not purchase products.

e Politics: It is used in the political field to keep track of political opinions, to identify
continuity and inconsistency between claims and behavior at the level of
government.

e Public Actions: Sentiment analysis is also used to monitor and analyze social

phenomena, to detect potentially dangerous situations and to determine the general

mood of the blogosphere.

1.2 Objective

The main aim of the project is to develop a system which is able to detect or tell about the
tone or the emotion of the essay or the phrase. The project is designed to fulfill following

feature as listed below:

. To detect the tone of the essay.
. To extract the features needed by the code or the algorithm from the essay.
. To classify the feature as needed to detect the tone or the emotion of the passage.

1.3 Scope of the Project

We will design a system a system which will compromise of two modules. The first one will
help us to clean the data using various techniques such as tokenization ,stemming , removing
stop words in order even the data. The second model comprises of the algorithm written
using machine learning that will help in detecting the emotion of the phrase or essay written

as input to the program.



CHAPTER 2

LITERATURE REVIEW

2.1 Limitations to Prior

Right off the bat, information is preprocessed , in it at first all content are changed
over into lowercase words for straightforwardness of highlight extraction . At that
point the words finishing with apostrophizes are changed over back to unique
structure like don't - > don't, any non ASCII character is evacuated. This is trailed
by expulsion of stop words (eg. an, a, the) as they don't pass on any component so
expulsion of stop words is liked. Second arrangement includes apportioning information into
preparing and test information. For preparing information subsequent to performing
stemming (removing additions like ing eg. : figuring >compute ) include choice is
to be acted in which different measurable techniques are applied to check whether

supposition of survey can be extricated from the include of words in each example

2.2 Related Work

Sentiment analysis models focus on polarity ( positive, negative, neutral) but also on
feelings and emotions (angry , happy, sad, etc.) and even on intentions (e.g. not
interested).
Here are some of the most common kinds of sentiment analysis :
e Fine-grained Sentiment Analysis
If polarity accuracy is important to your business , you can consider expanding
your polarity categories to include :
1) Very positive
ii) Positive
iii) Neutral
iv) Negative

v) Very negative

10



Emotion detection

This sort of sentiment analysis targets identifying feelings, similar to satisfaction,
happiness, frustration, anger, sadness, and so on. Numerous feeling
identification frameworks use dictionaries (for example arrangements of

words and the feelings they pass on) or complex Al calculations. One of the drawb
acks of utilizing  dictionaries is that individuals express feelings in various manners.
A few words that regularly express indignation, similar to awful or murder (for
example your item is so terrible or your client care is murdering me) may likewise
communicate bliss (for example this is boss or you are murdering it).

Aspect-based Sentiment Analysis

Usually , when analyzing the feelings of the texts , let's say the product

reviews, you'll want to know which particular aspects or features people mention in
a positive , neutral or negative way . This is where aspect-based sentiment analysis
can help, for example in this text :" The battery life of this camera is too short ,
"an aspect-based classifier would be able to determine that the sentence expresses a
negative opinion on the battery life feature.

Multilingual sentiment analysis

Multilingual sentiment analysis can be troublesome. It includes a great deal
of preprocessing and assets. The majority of these assets are accessible on the web
(for example sentiment vocabularies ) , while others should be made ( for example

interpreted corpora or noise detection algorithms ).

11
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CHAPTER 3
SYSTEM DEVELOPMENT

3.1 Introduction

The tool developed as a part of this training programme enables a user to upload a text file
and predicts the tone of the uploaded text with about 85% accuracy. The model trains at
50,000 random sentences out of the .. sentences in the dataset obtained from Kaggle. The
algorithm used to predict the emotion of the sentences in the input file is Logical Regression.
After successfully determining the emotion of each sentence, the tool returns the most
frequently occurring emotion in all the sentences. It also computes a pie chart depicting the

relative distribution of other emotions in the input file.

3.2 System Development

Collection of DataSet

Input Essay

Extract sentences and convert them into
words

Remove stop words, stem the words

Model Training,Testing and making
predictions.

Fig 2: Model Implementation
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3.3 Software Used

This system is build with the help of number of tools which provide us platform

to run our algorithms or store data or the functions for the front end services

some of the main tools are as follows:

e NLTK(Natural Language Toolkit)

Natural Language Processing is the manipulation or
text or speech by any software or machine .

interact,understand

comprehension  of
The analogy is that humans

each other's views, and respond to each other with an

appropriate response. In the NLP, this interaction, understanding, isdone by a

computer instead of a human.

NLTK stands for NaturalLanguage Toolkit . This toolkit is one of the most

powerful NLP libraries that contains packages to make machines understand

human language and respond to it with an appropriate response. Tokenization,

Stemming , Lemmatization , Punctuation, Character count, word count etc.

Various NLP Libraries

NLP Library
NLTK

spaCy

Stanford
CoreNLP Python
TextBlob

Gensim

Pattern

Polyglot

PyNLPI

Vocabulary

Description

It's one of the most usable and mother of all NLP libraries .

This isa completely designed and highly effective library commonly used in deep learning.
This is a good NLTK library for client-server-based architecture. This is written in JAVA, but it
provides the modularity to use in Python.

This is an NLP library that works in Pyhton2 and Python3. This is used for theprocessing
of text data and provides, in particular , all type of operation inthe form ofan APIL

Genism is a robust open source support for the Python NLP library . This library is very
powerful and scalable.

It's a lightweight NLP board. This is generally used in web-mining, crawling, or spidering tasks
of this kind.

Polyglot is the best suited NLP library for massive multilingual applications. Function

extraction in the direction of Identity and Object.

PyNLPI was previously known as 'Pineapple' and supportsPython. It offers a parser for a variety of
data formats, such as FoLiA / Giza / Moses / ARPA / Timbl / CQL.

This library is ideally suited to get information on the semantic type from the text in question.

14



e Microsoft Excel

The standard feature of MS Excel is that it contains diverse logical limits that can help
us in calculations and there are piece of instruments that can be used to plot diagrams
in different structures that urges us to separate data and various instruments , for
instance turn tables ,programming language named Visual stray pieces for various
applications.Spreadsheets will provide you with the characteristics arranged in rows
and columns that can be changed deductively using both basic and complex number

shuffling exercises.

3.4 Preprocessing Data

Cleaning of the data that we are going to use is very important to highlight the
important points that are necessary for our machine learning framework to pick . This

include various steps:

1. Eliminate Punctuation :
One way to do this is by looping through the list comprehension series and
keeping everything that isn't  in a string .  Punctuation , a list of all the

punctuation that we imported at the beginning with the import string.

import sTrirg

ctring. punctuation
TOSREN () 4, - F e r @I (1
def remove punit{Text):
L_nopuntt = Joln(icher fur char fa text 1f char not in string.pun
PETUM TEXT_NOPUNCT
dataf boty_text_clean ] datal body_text ] apply(lashda X! renove_pinct({x)

data. hoad()

labet sody_test body__text_clesn

0 ham Va Neer Searchisg for 1NG NN WOres 1o ma Ve Paan Saarhing for tha Tght wones to man

1 spam Fiae entry in 2 3 way comp o W FA Cuntina Fraa amryin 23wy camp o wn FACuUpnna

2 han Mok | dent ik v Q104 Lo usl ho Ives Bro.. Nah | dont think e goes Lo usf ho e a1oun
e Even my irother io notlive © spzak mith me Even my brother @ mol ke Lo 2geok with ne T
4  han THAVE A DATE ON SUNDAY WITH Wil | HAVE A DATE ON SUNDAY "WITH WILL

Fig 3.1: Eliminate Punctuation



2. Tokenization:
This breaks the strings into a list of words

pattern using Regular Expressions aka

RegEx.

or pieces based on a specified

The pattern I have chosen to

use this time (r"\w') also eliminates punctuation and is a better choice for this

data in particular.

everything smaller.

[81 impurt re

fon £o [0k
t def tokenize(test)
tokens = re.split{ ", ¢
return Tokens

We can also add.lower() to the lambda function to make

dataf ‘body text tokenlied'] o« dataf ‘body text cleen].spply{leabds x: tokenize(x.lower{

o e ¢ RS

data, hea!

Tan Doy _tex DOy _BaxE_Liean DAY o] 00 ke 0

0 %am v 338N SeErching 10r e g worss tsha NO 300N S0AITRING for the R wrd2 AN [Ke, Bean 20rINg, K Ne, NI, Weees
t z3am Freeetynlavkycomplowe FACI A, Free ertry n 22wy como o we FACp e [roe, erty, 11, 2 o, wiy, covp, 0, v, |
2 Neb | omt Funk be gacs la ust e el ano Nab | dosf think he goes 1e oaf e ved aroun [roan |, dosl thnd, Be poes ko, wil he |
3 asm Cyes o brotaer iz not iee 10 saeak wih me Twen my Grother = not dke Lo 2peek neh e T fevery, iy, trober. 15, ek ios. Lo, Speek
4 am HAVE ADATE ON SUNDAY WIT= Ll | BAYE A DATE OM SUNDSY MTH WILL [Lvaen 3, dae on sunday by wid

Fig3.2: Tokenization

3. Stop Words:

We imported a list of the most frequently used words from the NL Toolkit at the

beginning with from nltk.corpus import stopwords.

stopwords.word (insert language)

[P

are 179 English words, including ‘1’,

for example. = We wusually want to remove

predictive power.

In (i8] impart nlte

stopnord = Adtk. corpus. stopuords.words{ engilsy

def remevs stepuorde(tokanized List

Tt {word for wond Is Cokes lad 134T M word net 4

return T

detal'body Teat fodtug ' | = data] 'tedy test Dokeslicd'].applydlastdo
datu, head()
e bedy_wt Dody_text_hin
3 say (VONGMICONTINQIY UGTQRNEONDH  AQ Lo 20 Lag 13 0 I Mord B
™ on
4 yeam FTRG ULy o 20 M comk vn FACE  Fres enty 620 vy cro R we FA Cw
.. frs
2 sam T Mt he goos b uad, te b Mt | gxpt bk e goes i et be ke
- e wan
3 o SVON Yy DEYON 15 TOR 1D 1) EDES W EVON V) oY I TN 0 18 SPaa
o1 e mo |
4 wa THAVEAGATEOM ':"\l"",": ", LAY A TATE ON SUNDAY 01 TH WL

P tave 3 (sde 30 canetay win W)

You can run

to get afull list forevery language. There

‘me’, ‘my’, ‘myself’, ‘we’, ‘you’, ‘he’, ‘his’,

these because they have low

STopuerd | F 7

A roapre _atepwordi(s))

DOJy_Bex1_1oMaN 8¢ DO0Y_IBNI_A0NNp
16, Baer, Soareang o, the. Aght [0, SORITUNG, 14 wOrd, TGk
worde, tmetrec

Yoo oy, 2 a My comp 0 Dee, ek 2 vy corp W K Sup
.

i [ n
nah | cowr ok R goec te et et dhwe, Swek gree, o faee
" ot L

OVOr. 1Yy, DI, 05, POk 163 1D [owan. peotror NG Spa3C TOR ING

spesk 3

[the, sarvem

Fig3.3: Remove Stop Words
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4. Stemming:

Stemming is a little more violent. It breaks down prefixes and/ or ends of
words based on specific ones. It can be helpful sometimes, but not always

because often the new word is so rooted that it loses its actual meaning.

x [17]: gn = nlth ForterStemer |

C_lext)

del stesmisglto 5
sore) for word An Tokenizad taxt)

TaKT ~ [pe.sTem
eeturn text

dete] ' body_text_stesmsrn '] = cete['body_text_rostop '] spoly{lestda : sterming(x))
Wta hesi ()
|
e boay et Body_wot_chean body_text_tcheneed bady_texs_nosteo boty_wat_semend
4 bem Tve Dase 2oarching o M rgt M baer sawcking for A nght  [we, Doon, S3aERNg or the, v, egrcnng rght nonde, e, soorch Aght word sk,
vaxh o ta woeks 1o fwe tght monds P raates bevater ix
8 “Seem Tree oty I 2 3 whdy comvp Free oory e 2.8 xbiy covo TEe MUYV N 2 A Wy [hee entry 2 whiy, com, we,  [r2e sarl 2, vid conmp. wer,
" wr FA G na v FACur i @me % win 1 LN fa, cap. W
2 tom Naklcor't ek 2o gocs o urd  Man | derk B o 0o L uslfhe [oen, | oond b, e, gees [rah cord, b, Dece. o, ey Jonk, INnk, 0oe, Ll fee,
hafwas a0 1003 2roun o, vt na ivee, eround t arvand e
3 Bm Koee my ot & ncx e b Lotn oy Dothea 2 aot b lo  Jower mry teather = et e even Besther Wie apesd, jewan, broher Be spesl,
b am SNV P T, to, spash, o e, sids vout. lhe, oid
AR A DUTE D8 SUNDUY WEAR A OATE DN SURDMY  § fowe, 3 it ar conday _ - .
¥ S WWETH ALY AT WL win wiy Xito, sriiy] [oaee, suneas]

Fig3.4: Stemming
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CHAPTER 4
CODE IMPLEMENTATION

This module contains different code for various functioning of the project and also the

outputs figures captured in running environment.

4.1 Dataset

The dataset consists of 4,16,809 sentences with labelled emotion.

The data was collected from Kaggle. The snapshot of the dataset is:

© input_data - Excel X

Inset  Pagelayout  Formulas View Q Tell me what you want to do. 8, Share

A EX’C”‘ Calibri S s A == E° Wrap Text General - SA ’;5 Eﬂﬂ EX Ej EA”“'S”’" - 4 p
B Copy ~ i
P it | B T U~ E | O A| S5 |EE Bveneacos - S % 2 |68 Gl o G | o Do forma | G s
Clipboard ] Font (7] Alignment (7] Number ] Styles Cells Editing ~
Al N I %
A B C D E F G H I |~
1 ltext emotions
2 27383 i feel awful about it too because it s my job to get him in a position to succeed and it just didn t happen here sadness
3 110083 im alone i feel awful sadness
4 140764 ive probably mentioned this before but i really do feel proud of myself for actually keeping up with my new years resolution c joy
8 100071 i was feeling a little low few days back sadness
6 2837 i beleive that i am much more sensitive to other peoples feelings and tend to be more compassionate love
7 18231 i find myself frustrated with christians because i feel that there is constantly a talk about loving one another being there for ez love
8 10714 i am one of those people who feels like going to the gym is only worthwhile if you can be there for an hour or more joy
9 35177 i feel especially pleased about this as this has been a long time coming joy
10| 122177 i was struggling with these awful feelings and was saying such sweet things about not deserving my and my sisters friendship ¢joy
n 26723 i feel so enraged but helpless at the same time anger
12 41979 i said feeling a bit rebellious anger
13 2046 i also feel disillusioned that someone who claimed to value the truth as i do was a fraud sadness
14 98659 i mean is on this stupid trip of making the great aloum when things are going well i feel ecstatic joy
15 50434 i woke up feeling particularly vile tried to ignore it but it got worse and worse and worse anger
16| 9280 i could feel the vile moth burrowing its way into my brain seeking my brain as a means to control and enslave me just as those anger
17 92846 i know its just doing its job and doesnt actually have thoughts or feelings but that little jingle it does at the end of every cycle j joy
18 106363 i wish you knew every word i write i write for you and i think it s useless because i m just heartless this feeling is empty in it s \sadness
19 23395 i feel weird knowing mine died when i wasn t around fear
20 | 31583 i feel assured that there is no such thing as ultimate forgetting traces once impressed upon the memory are indestructible joy
21 8271 i feel blessed everyday for our little man and love to watch him grow love
22| 32503 i feel exhausted when i go home but i am always glad that i am learning new things and i can help others learn as well sadness
23 | 91430 i stil can see kaibas face on every tv screen still see amateur duelists prowling the good side of city and still feel the urge to thrsadness -
input_data ® < 3
Ready B |- 1 + 100%

Fig4.1: Input Data Set

The dataset is obtained from Kaggle.Our Module learns on this dataset.The tool learns
on 50,000
Randomly picked sentences out of whole dataset.This data is then transformed into

matrix and our model is then trained on this data. This algorithm uses logical regression.
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x

s random_data - Excel
Insert  Page Layout Formulas Q Tell me what you want to do £, Share
ol (=u] D, =711 .
¥ cut Calibri 6 Wrap Text General - - 4 20 5 ng @ 3 AutoSum QY p
ER Copy ~ z
Paste B I U-~ E Merge & Center ~ .00 9 | 599 Conditional Formatas Cell Insert Delete Format Sort & Find &
~ Format Painter - Formatting~ Table~ Styles~ - - - Filter ~ Select ~
Clipboard 7] Font 1 Alignment 1 Number 7] Styles Cells Editing ~
Al ' Fe id v
A B | ¢ | b E F G H
1 |id ltext emotions
2 | 73507 i feel very glad of them i had to be shown how to wear them which reminded me once again of how little i know but thankfully my in¢joy
3 | 101055 i notice that my face feels smoother and more radiant joy
4 9934 i are at the point where we feel resigned that there is no hope nor help for our son sadness
5 | 32479 i realize that my bent toward feeling suspicious about others may be partly due to my lack of mature purity myself as hinted at in this fear
6 | 498 i am feeling a little overwhelmed with it all because i think there is so much to do and i have not begun to do anything surprise
7 27479 i even begin to feel joyful joy
8 | 49716 i feel really vain when i talk about myself and i dont like to feel vain sadness
9 | 8435 i didnt feel much nervous knowing my daughter is beside me hehe fear
10 93516 i know there are areas you feel absolutely convinced of your decisions joy
1| 35950 i feel im hopeless at my studies that i cant do anything right sadness
12| 120028 i was feeling pretty spiritually invigorated and was doing the meet and greet thing when all of a sudden i hear joy
13| 13323 i wish i didn t feel that way of course and i m surprised at how difficult feelings are coming out of simple tasks in a relaxed atmospher surprise
14 67541 i feel that im usually a pretty generous reader joy
15 | 35816 iis for ibs ibd and feeling irritable anger
16 | 105706 i will feel very inadequate in another country should an accident happen unless i have the specific knowledge of what to do sadness
17 70092 i feel the cover did a terrific job at capturing the man s swagger joy
18 | 42139 i wont have to work with this person anymore but the whole situation still leaves me feeling a little shaken fear
19 | 140574 ive met so many wonderful people that ive only known online until now and am feeling so welcomed and grateful joy
20 3848 i am going to try and return to college tomorrow and am feeling irrationally afraid but i know i can do it fear
21| 19109 i guess texts expressing feelings desire fantasy longing are considered as too explicit to focussed too reflective and analytic while son love
22 | 141006 ive tried to override this feeling and with the help of a couple of amazing therapists i have at certain times been able to joy
23 18843 i do feel a little rejected but on the other im actually really really relieved that only a manageable number of people are coming sadness -
random_data ® < [»]
Ready H Eo- 1} + 100%
. o o
Fig4.2: Random Training Data Set
4.2 Code
| pro(3).py - C:\Users\A Saraswat\Desktop\Essay-Tone-Detect pro(3).py 3.7.1) - X
File Edit Format Run Options Window Help
from tkinter import * A
tkinter
tkinter as tk
tkinter.filedialog fa
tkinter.messagebox zs mb
nltk.tokenize import sent_tokenize
nltk.corpus stopwords
nltk.tokenize import word tokenize
nltk.probability i © FregDist
sklearn.feature_extraction.text import CountVectorizer
sklearn.preprocessing import LabelEncoder
sklearn.model_selection t train_test_split
sklearn.linear_model LogisticRegression
sklearn = metrics
nltk.stem.porter import PorterStemmer
import nltk
nltk.download('stopwords')
#nltk.download('all')
nltk.download('punkt')
random
collections import Counter
matplotlib.pyplot 2s plt
ps = PorterStemmer ()
stop_words=set (stopwords.words ("englist
cv = CountVectorizer (max features = 4000) #to select top 4000 words most used
reg=LogisticRegression(solver='lbfgs',multi_class='auto',max_ iter=1001)
lab=LabelEncoder ()
info():
mb.showinfo ("Info", "Please browse a file first")
openfile():
filename=fd.askopenfilename ()
el.insert (0, filename)
_ v
Ln: 170 Col: 26

FigS.1: Code
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(& pro@).py - CA\U: Saraswat\Desktop\Essay-Tone-Detect \pro(3).py (3.7.1)
File Edit Format Run Options Window Help

pis():
plt.show()

model () :
fh=open ("inpu t
andom_data.csv", e

.csvh)

ncodin

andom_data.csv", "w+")
s\n")

£n2.write ("
contents=[]

line in fh:

contents.append (line)

i in range(0,50000):
i=random.randint (1,416809)
fh2.write(contents([i])
£n.close ()

fn2.close ()
dataset=pd.read_csv("random data.
processed_list = []

,teXt, emotio

", encoding='cpl2s.

i in range(50000):
contents=re.sub('@[\w]*'," ',dataset['texc'][i])
contents = re.sub('[“a-z&-Z]', ' ', contents)
contents contents.lower ()

contents = contents.split()

filtered sent=[]

contents:

stop_words:
filvered_sent.append(ps.stem(w))

filtered_sent = ' '.join(filtered_sent)
processed_list.append (filtered sent)

hg and store data in X

»
]

cv.fit_transform(processed list) #convert it in str

y=dataset["=
y=y[0:50000]

tions"]

v
Ln: 170 Col: 26

Fig5.2: Code

(& pro@).py - CA\U: Saraswat\Desktop\Essay-Tone-Detect \pro(3).py (3.7.1)
File Edit Format Run Options Window Help

y=lab.fit_transform(y) #to make v as interger type label
reg.fit(X,v)

DisplayOnGUI (tone) :
ta=Text (root,height=1,width=40,bg="s1
ta.insert (tk.END, tone)

ta.place (x=100,y=250)

bt3=Button (root,text="Details", £g=""
bt3.place (x=330,y=272)

display_result(result):
result_list=result.tolist()
result2=Counter (result_list)
count=0
ele result_list:
curr_freg=result_list.count(ele)
curr_freg>count:

coun! curr_freq

tone; e tone of the essay is: "+str(label)
DisplayOnGUI (tone)

unique_label=[]

in result_list:
if ele not in unigue_label:
unique_label.append (sle)
sizes.append (result2[ele])

plt.pie(sizes,labels=unique_label, autopct='%$1.1f%%',shadow=True, startangle=90)
plt.axis('equal’) # Equal aspect ratio ensures that pie is drawn as a circle.

train(X_test):

v_pred=reg.predict (X_test)
result=lab.inverse_transform(y_pred)

display_result (result)

#print ("accuracy",metrics.accuracy_score (y_test,y_pred))

bold", command=pie)

v
Ln: 170 Col: 26

Fig5.3: Code
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Lé pro(3).py - C:\U: Saraswat\Desktop\Essay-Tone-Detector-master\pro(3).py (3.7.1) -
File Edit Format Run Options Window Help

convert_into_words (contents) :

tokenized text=sent_tokenize (contents)

processed_lis
i tokenized_text:

re.sub ('@[\wl*',' ',i)

con = re.sub('["a-z2-Z]', ' ', con)
con = con.lower ()

con = con.split()

filtered_sent=[]

ot stop_words:
filtered_sent.append (ps.stem(w))
filtered_sent = ' '.join(filtered_sent)
processed_list.append(filtered_sent)

X _test = cv.transform(processed_list) #convert it in string and store data in X
» X_test

textmining (event):
filename=str (el.get())
if filename ==
info()

result=re.search(r'\. ([E-Z2-20
£ result:
if str(result.group(l))!

', filename)

el.delete (0, 'end’)
mb.showerror ("Error”,"Only .txt files supported!")
root.destroy()

el.delete(0, 'end’)
fh=open (filename, "r")
contents=fh.read()

model ()

v
Ln: 170 Col: 26

Fig5.4: Code

Lé pro(3).py - C:\U: Saraswat\Desktop\Essay-Tone-Detector-master\pro(3).py (3.7.1) -
File Edit Format Run Options Window Help

= e e

if result:
if str(result.group(l))!="txt":

el.delete (0, 'end’)
mb.showerror ("Error”,"Only .txt files supporced!™)
root.destroy()

el.delete (0, 'end’)
fh=open (filename, "x")
contents=fh.read()

model ()
X_test=convert_into_words (contents)
#print ("Filterd Sentence:",X_test)
train(X_test)

root=Tk()
root.title ("Phrase Emotior| Detector™)
root.geometry ("500x500™)
root.geometry ("500x500+1
root.resizable (F .
root.config (background="slategrayl")
logo = tk.PhotoImage (file="logo.png")

wl = tk.Label(root, image=logo)
wl.place (x=405,y=20)

11=Label (root, text="Essay Tone Detector”,fg="white",bg="Skyblus4", font="Calibri 20 bold",relief=RIDGE,padx=10)
11.place (x=100, y=40)

Arial 1

bt=Button (root, text="Click here to browse
bt.place (x=20, y=150)

ile", fg="white",bg=" 1Blue", width=20, font= bold", command=openfile)

el=Entry (root,width=45)
el.place (x=210,y=155)

bt2=Button (root, text="Upload", fg="
bt2.place (x=180,y=210)
bt2.bind('<Button>',textmining)

hite",bg=" ", width=10, font="Arial 10 bold")

v
Ln: 170 Col: 26

FigS.5: Code
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4.3 Output

&

File Edit Format Run

— (]

if str(x
| Eile Edit Shell Debug Options Window Help

@ Phrase Emotion Detector - x | (MSC v.1915 32 bic (Inte

more information.

le-Detector-master\pro(3).
Phrase Emotion Detect .

[hman

e-Detector-master\pro (3) .

Click here to browse File
root=Tk()
root.title ("§ Upload
root.geometry

root.geometry
root.resizabl fhman

root.config (§
logo = tk.Phg

wl = tk.Label
wl.place (x=4

11=Label (roog 5E, padx=10)
1l.place (x=1

bt=Button (ro rcommand=openfile)
bt.place (x=2

el=Entry (roog
el.place (x=21

bt2=Button (root, texy
bt2.place (x=180, y=21
bt2.bind('<B

v
Ln: 178 Col: 34

Fig6.1: Output when program is run

4.4 Input Text File

Aayushman Sarasw

Insert  Design Layout  References  Mailings Q Tell me what you wa 0 £, share

0 - btz o2 P I 7 I N T == Al a ¢ AaBbCcL ::)Fmd )
{ ] practice - Notepad - [m] X - 2 Replace
Paste 1 TNormal </ p
- Format Pail File Edit Format View Help £ ¥ Select~
Clipboard |My message is that we'll be watching you. A . Editing S
L
- "This is all wrong. I shouldn’t be up here. I should be back in school on the other side of the ocean. Yet you all come to
g "You have stolen my dreams and my childhood with your empty words. And yet I'm one of the lucky ones. People are suffering.
o ‘This Is All Wrong,' Greta Thunberg Tells World Leaders At U.N. Climate Session
- NATIONAL
0 ‘This Is All Wrong,' Greta Thunberg Tells World Leaders At U.N. Climate Session
2 "For more than 3@ years, the science has been crystal clear. How dare you continue to look away and come here saying that y
b
2 "You say you hear us and that you understand the urgency. But no matter how sad and angry I am, I do not want to believe th
'E "The popular idea of cutting our emissions in half in 1@ years only gives us a 50% chance of staying below 1.5 degrees [Cel
")
| "Fifty percent may be acceptable to you. But those numbers do not include tipping points, most feedback loops, additional w
'Z "So a 50% risk is simply not acceptable to us — we who have to live with the consequences.
9 "To have a 67% chance of staying below a 1.5 degrees global temperature rise - the best odds given by the [Intergovernmenta
a "How dare you pretend that this can be solved with just 'business as usual' and some technical solutions? With today's emis
8 "There will nnat ha anv cnlitinne ar nlanc nrecentad in line with thace ficurec hers tndav  harance thece niumherc are tan nn ¥
2 < >
A Ln1, Col1 100%  Unix (LF) UTF-8
- | R—
u #l€d +a=
H 9
Page230f23 2579words [[X English (United States) E B - 1} + 100%

Fig6.2: Input text file
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4.5 Final Output

ushman Saraswat(161324) - Word

- £, Share
_ o -

CJ Cut P Find ~
0 Cop File Edit Shell Debug Options Window Help Bb( AaBbC AaBbC: AaBbCcL AaBbCcDc AaBbCel 25 Replace
Paste 1 N : . |
« Format| @ Phrase Emotion Detector _ X | [M5C v.1815 32 bit (Inte *jing2 fTHeading3 fHeading4 TlistPara.. TNoSpac.. TNommal [<| oo
Clipboard more information. Styles 5 Editing -~
|
L ) 1300 +14. 0 <1500 116+ 1 ARGEIEE
=-Detector-master\pro (3) . e
Phrase Emotion Detector )
layushman
[hman 22
Click here to browse File [l
- |
i Upload
% 'The tone of the essay is: joy
-
@
Page24 of 24 2581 words | Bl B - 1 + 100%

Fig6.3: Figure Shows tone of essay

H ©- s
File Insert  Design  Layout  References  Mailings  Review  View 9 Share
Y %1 Figure 1 - O X = PFind ~
0 'l AaBb AaBb( AaBDC AaBOCt AaBbCel AsBbccde AGBECCL g oo
5 - “ac
Paste bt | THeading 1 THeading2 THeading3 THeading4 TListPara.. TNoSpac.. TNomal |3/ N c o
cii Styles 5 Editing ~
L 9‘\‘lO‘l-ll-l-1Z-|-l]-l'14‘|415‘\-IE-I-Q-I-IIVIV
M sadness
y BIC ASBOC AIBBC AKCCL Aseceor AKCCE
N P o e - wa. 1o fpec.. T Nemel
-
~ anger
-
- TR
7] ‘| (-l-)l oio|Q|’_—._;| 0 x=0531077 y=-0.581968
K T
-
Page24of 24 2581words [|¥ English (United States) Bl B - 1 + 100%

Fig6.3: Depicting Various emotions via pie chart
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Insert Design Layout  References  Mailings  Review  View a £, Share

i, b Cut TimesNewRo ~[14 ~| A" A" | Aa~ | & D
: imes New Ro A < AaBbCcI AaBb AaBb( AaBbC AaBbC: AaBbCcL AaBbCcDc AaBbCcl &

pase B CoPy || 2 Replace
aste . 2 Loaly . . . . =

St Format Painter | |BL I U ek X, X A- W - A |_Body Text | THeading 1 Heading2 THeading3 T Heading4 1 List Para.. TNoSpac.. TNormal |<| oo\

@ Phrase Emotion Detector - X B & Figure 1 _ o X m Editing ~

Phrase Emotion Detect fear
sadness
here to browse File [l
Upload
The tone of the essay is: joy
| Dot | oy
anger
| o

: , m— Rk IR N[V
Page24of 24 2581words [|¥ English (United States) Bl B - 1 + 100%

Fig6.4: Combined Images
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CHAPTER 5

CONCLUSION
Sentiment analysis is the interpretation and classification of emotions
(positive , negative and neutral) in text data using text analysis techniques.

Sentiment analysis allows businesses to identify customer feelings about products ,
brands or services in online conversations and feedback.
To conclude, we have discussed the whole process of development of this system and we can

rely on this system.

Future Scope
The project can be merged with the operating system kernel in order to provide a
better interface for users and the pages containing data mining tools can be better
applied to control the variation of keywords / hash tags over time and can be used in
many areas mainly

e Political Campaign strategy management

e Product launch

e Trend analysis

e Most popular sentiments
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